Introduction
Familial Adenomatous Polyposis (FAP) alterations in the human MUTYH gene have been associated with autosomal recessive colorectal cancer development [1] [2] [3] . MUTYH is located on Chr1p32-34 and has 16 exons spanning 7,100 base pairs [4] . The phenotype of MUTYHassociated polyposis (MAP) is similar to attenuated FAP, having from 10 to a few hundred colorectal adenomas. It is estimated that~1% of colorectal cancers are linked to MAP, but this number is likely to increase as more patients are carefully screened and test positive for MUTYH mutations [2] [3] [4] [5] . The clinical course of colon cancer is usually silent and initially without symptoms until the disease has reached an advanced stage as shown in the Fig. 1 .
consequences of other oxidized premutagenic DNA bases [10, 11] . The DNA glycosylase starts BER by removing 8-oxoG from 8-oxoG:C base pairs. MUTYH also removes adenine inserted opposite 8-oxoG during replication [12] . Subsequent to adenine elimination, apurinic-apyrimidinic endonuclease (APEX) cuts the apurinic site (AP), and the gap filling steps are then accomplished via the long patch BER pathway [13, 14] . Among DNA glycosylases, exclusion of the base opposite the lesion seems to be a distinctive characteristic of MUTYH and entails both the replication machinery and post-replicative mismatch repair (MMR).
In humans, germ-line biallelic mutations of the MUTYH gene are linked with a recessive form of FAP called MAP. MAP patients exhibit symptoms of colorectal cancer early in adult life, with widespread adenomatous polyps of the colon. Due to the failure of repair of 8-oxoG:A mismatches, tumors of MAP patients accumulate somatic G:C→T:A transversions in cancer-related genes [6] . In rodent cells, the inactivation of Mutyh is linked with high mutation rates, frequently because of the increase of G:C→T:A transversions. Many mutations in the MUTYH gene, including missense and insertion/deletion alterations, have been observed in MAP patients. The Y165C and G382D substitutions are the most common variants in the European population, with a frequency of 1%, and have been observed in 80% of patients with mutations in both alleles of the MUTYH gene [15, 16] . Therefore, screening for MUTYH mutations might be important in identifying a subset of patients with early onset MAP. Therefore, further large-scale analysis of multiple genes expression datasets might lead to the identification of more representative gene expression signatures associated with CRC predisposition. Herein, we integrated one or more independent CRC gene expression datasets retrospectively, which led to the identification of a five genes that are associated signature associated with colorectal cancer systemic deterioration. This paper deals with the identification of a MUTYH gene functional network and its relationships with others genes based on biomolecular interactions. The susceptible loci were interrogated for cross-interactions and ranked, using the Networked Gene Prioritize (NGP) method, to detect FAP-associated genes. Furthermore, we studied the MUTYH protein structural configuration and its mutation transition, via molecular dynamic (MD) simulation, and examined protein-protein interaction (PPI) formation of specific complexes, including structural predictions of such complexes. To the best of our knowledge, this is the first report addressing MD simulation of the MUTYH protein domains (I and II). This study focused on chain A and investigated MUTYH DNA binding and protein interactions. Furthermore, comparative MD analyses of the MUTYH protein with other proteins were performed in order to clarify physical interactions between the wild type and mutants.
Results
Deleterious point mutations of MUTYH in human FAP form 8-oxoG:C pairs, which initiate the binding of 8-oxoguanine DNA glycosylase (OGG1) to regenerate G:C pairs via the BER pathway, with the involvement of PCNA, APE1, MSH6 and RPA1. Both OGG1 and MUTYH proteins have central roles in preventing the build-up of 8-oxodG damage and tumor formation ( Fig. 2A-D) . The MUTHY gene is associated with various diseases, including polyposis (Fig. 3A) . It has been reported that MUTYH interacts with PCNA, APEX1, and RPA1, including the MSH6 subunit of MutSα MMR detection complex proteins (Fig. 3B ) [17] . We examined, for the first time, protein-protein interactions, conformational changes, and binding affinities of wild type and novel mutant MUTYH variants with known partners involved in BER.
Validation of Mutyh associated polyposis associated gene panel in the TCGA CRC dataset
We successively focused on the potential role of the regulated genes that are associated in the CRC cancer panel. Therefore, targeted in a five genes i.e. MUTYH, PCNA, RPA1, APEX1, MSH6 which are associated with polyposis was validated using the TCGA CRC dataset to determine between their relationship to overall survival and disease-free survival Non-coding RNA Research 4 (2019) [155] [156] [157] [158] [159] [160] [161] [162] [163] [164] [165] [166] [167] [168] [169] [170] [171] [172] [173] (DFS) (Fig. 4A ) data from the cBioPortal for Cancer Genomics. The OncoPrint for this gene panel in the TCGA CRC dataset with the proportion of patients overexpressing each gene is presented in (Fig. 4B-E) . Interestingly, the combination of this five-gene revealed a higher prognostic value, in which patients overexpressing of the five genes showed month survival on both primary and metastatic (log-rank test Pvalue: 0.15e-9), living and decreases survival (log-rank test P-value: 0.00) and the affected individual both male and female survival ratio shown (log-rank test P-value: 0.843) than those with lower and over expression of these genes. Data from the univariate analysis were subsequently put into the Cox proportional hazards multiple regression models to identify the independent factors for prognosis.
2.2. Impact of nsSNP variants on protein structure, conformational flexibility, and stability
The mutations nsSNPs in the MUTYH gene were identified and their impacts on the substituted residues were determined. A total of eight nsSNP mutations were detected and checked for their impact on MUTYH protein stability (Table 1) . Positions to specific independent count (PSIC) scores for site substitution were as follows: 1.250 (A22V; benign, i.e., lacking phenotypic effect), 0.152 (Q63R, benign); 2.227 (G45D, probably damaged); 2.604 (P54S, benign); 0.351 (N43S, benign); 0.070 (P54S, benign); 2.884 (Y165C, probably damaged) and 2.004 (G382D, probably damaged), with normal accessibility score 0.85. Sorting Intolerant from Tolerant (SIFT) identified amino acid substitution influencing protein function and phenotypic outcome. The impact of point mutation on protein stability was ascertained using the Panther method for selected MUTYH nsSNPs within the exonic region (Table 2 ). This method was based on algorithms to locate homologous sequences using SWISS-PORT version 51.3 and TrEMBL 34.3. The substitution at position 326 from Ser-Arg was predicted to be tolerated (low confidence) with a score of 0.18 and median sequence conversion of 3.23. Threshold for intolerance was < 0.05, damaging was < 0.001 (Fig. 5) . Among 152 SNPs identified in MUTYH, 95 were nsSNPs.
Furthermore, a total of 90 samples obtained from the genome variant server (GVS) identified MUTYH with 32 SNPs; however, only five were nsSNPs ( Fig. 6A and B) . The functionally significant nsSNPs were predicted by SIFT (35.8%) and PolyPhen (37.7%). SNPs&GO further confirmed these results, with high correlations of 0.82 and 0.81, respectively.
The protein stability change was expressed as a linear combination of energy functions, where the proportionality coefficients varied with the solvent accessibility of the mutated residue and were identified with the neural network. The sequence optimality score (sum of negative ΔΔGs) was computed for each substituted position in the protein. The optimality calculated a stability score, analogous to the free energy difference between a wild type and mutant protein. The stability score was used for predicting whether or not a mutation had an impact on the protein structure, and consequently a potential role in disease. The torsion angles were initialized with constant values of Boltzmann energy (Table 3) .
The first identifed nsSNP mutation (P54S) substituted proline in the wild type (Fig. 7A) , and affected backbone conformation required for correct enzymatic activity. The wild-type Pro residue was highly conserved, unlike other residues in this region. The observed mutant residue was not among others reported before in homologous proteins. The mutation results in the formation of an 'empty space' in the core of the protein (or protein-complex) and causes the loss of hydrophobic interactions in the core of the protein (or protein-complex). The protein stability due to this mutation differed in energy value by 1.47 kcal/mol, solvent accessibility (Acc) 0.00%, and torsion angles (ϕ, ψ) −69.8 0 , 144.1 0 ; consequently the prediction was for destabilization. The second nsSNP mutation A22V (Fig. 7B) was buried in the core of the protein (or protein-complex), and the mutant residue likely exhibited steric hindrance. The change in energy value 0.03 kcal/mol, solvent accessibility (Acc) 0.00% and torsion angles (ϕ, ψ) −1118.0 0 , 105.1 0 , resulted in predicted protein destabilization. The third nsSNP mutation Q63R (Fig. 7C ) differed from the wild type based on the energy value 0.15 kcal/mol, solvent accessibility Fig. 2. (A) Base excision repair (BER) pathway induced by oxidative and alkylating agents initiates repair of AP sites in DNA by catalyzing hydrolytic incision of the phosphodiesterase backbone immediately adjacent to the damage. Mutyh structure was in yellow were a DNA duplex containing an 8-oxoG:A mismatch and, in contrast to the E. coli ortholog, the human enzyme has less activity for other mismatches such as G:A or C:A. DNA glycosylase starts BER by removing 8-oxoG from 8-oxoG:C base pairs. In the second pathway, the Mutyh DNA glycosylase takes out adenine inserted opposite 8-oxoG during replication. (B) The DNA mismatch repair protein hMSH6 structure is the DNA strand (upper) contains a mismatched base was in red. The strand discrimination signal, which probably corresponds to strand discontinuities at the replication fork, was located near the mismatch. In vitro, hPCNA was in red and RFC was in violet proteins were bound to the strand discontinuity that must be present in the DNA substrate reaction to MutS searches binds to DNA in the nucleotide-free or ADP-bound state. The binding of MutS to DNA induces bending of both homo-and hetero duplex DNA was in blue. When MutS encounters the mismatch, a bend was turned into a sharp kink. This triggers a conformational change in the protein and the exchange of ADP to ATP. (C) Replication protein 70 kDa DNA-binding subunit hRPA1, Undamaged strand with hRPA1 reaction to Complex with XPG. (D) hPCNA was in pink color, fragment of damaged strand removed was part of this pathways reaction to both DNA Polymerase Epsilon filling the gap and DNA Polymerase Epsilon filling the gap in these pathways. ; these parameters predited protein destabilization.
The fourth nsSNP mutation G45D (Fig. 7D) was located close to a highly conserved region and resulted in charge differences between the wild-type and the mutant proteins. The stability was altered due to a change in energy value 0.69 kcal/mol, solvent accessibility (Acc) 66.97% and torsion angles (ϕ, ψ) 115.9 0 , −145.4 0; hence, the prediction of destabilizing the protein.
The fifth nsSNP mutation S136P (Fig. 7E ) substituted a residue on the protein surface, possibly affecting interactions with other molecules or with other surface residues. The torsion angles for this residue were unusual, indicating that only glycine was flexible enough to make the correct orientation, and mutation caused the local backbone to form incorrect conformations that disturbed local structure. The energy ) predicted protein destabilization. The sixth nsSNP mutation N43S (Fig. 7F) was within a domain annotated in Uniprot as "Nudix hydrolase". The wild-type residue was buried in the core of the protein (or protein-complex), and the stability of this mutation differed in energy value by −0.08 kcal/mol, solvent accessibility (Acc) 47.73%, and torsion angles (ϕ, ψ) −43.6 0 , 153.5 0 ; thus, the prediction of stability change was neutral.
Two additional mutations (Y165S, G382D) were obtained from Uniprot-entry MUTYH (Q9UIF7). MUTYH domain II structure Fig . 5 . The alignments utilized for prediction were closely associated high median conservation, and then many positions appear conserved and important for function. Prediction accuracy on deleterious substitutions was high but many functionally neutral substitutions were erroneously predicted to become deleterious. SIFT calculates the median conservation value which measures the diversity of the sequences in the alignment. There were 21 SNPs analysis for the functional studies but only 6 SNPs have damaging (0.001) was in red, other were tolerated was in blue that were based in M (Median Conservation score), and green (Normal). The score was the regularized probability that the amino acid alteration was tolerated. The SIFT predicts substitutions with scores less than 0.05 as deleterious. Some of found that substitutions with scores less than 0.1. The quantitative score allows prioritizing their amino acid variations by ranking them from the lowest scores to the highest. predictions from I-TASSER showed highly conservered regions for PDB file 3N5N. The Y165S nsSNP mutation caused alteration in the corresponding structural domains ( Collectively, the data suggested that the stability, flexibility, and functional properties of the mutants differed and affected the protein stability of the wild type. Detailed analysis of contact energies before and after energy minimization located functionally or structurally important residues, and helped to classify consequences of each mutation, as well as identifying novel residues for site-directed mutagenesis. The difference in free contact energies (kcal/mol) for denaturation of MUTYH protein domain I and II between wild-type and mutant proteins was also determined using Chemical Computing Group (CCG) Molecular Operating Environment (MOE) (http://www.chemcomp. com) before and after energy minimization (Fig. 7I ).
Analysis of protein-protein Interaction networks
The disease-associated genes were obtained from the Online Mendelian Inheritance in Man (OMIM) database based on the Mayo Clinic clinical data set. Colorectal cancer gene networks were identified for this complex disease. Artificial susceptibility loci, each comprising 100 genes, were constructed around 10 putative colorectal cancer genes described in OMIM. We assessed the performance of our classifier on the basis of these various data sources in three different gene networks generated on the basis of a Bayesian framework. One network was generated solely on the basis of GO data (GO network), one network was based on both Microarray Co-expression and predicted PPI data (MA and PPI network), and an overall network was constructed containing all three types of data (GO, MA and PPI network). The microarray co-expression and predicted PPI interaction (MA & PPI) network selected four genes (PCNA, MSH6, APEX1 and RPA1), whereas the GO network identified three genes (OGG1, MSH2, and MUTYH), and the GO, MA and PPI network was comprised of PCNA, MSH6, APEX1 and RPA1 ( Fig. 8A-D) . However, in the GO, MA and PPI network, among the top five disease genes showing strong interactions with MUTYH, only MSH6 and PCNA were identified.
Molecular aspects of protein-protein interactions
The physiochemical properties of interaction interfaces were assessed by incorporating a naive Bayes classifier, a simple probabilistic classifier that relies on Bayes' theorem application with strong (naive) independence prediction, into a computational scheme to integrate diverse information. This approach took into consideration dynamic hydrogen bonding effects between the bio-molecules, inter-molecular H-bond, H-bond energy, and the specific solvation patterns of water molecules. Electronic polarization and charge-transfer as well as chemical bond formation are also taken into consideration. MUTYH protein domain I showed interactions with MSH6, PCNA, APEX1 and RPA1 proteins. Wild type MUTYH (control) and mutant (affected) proteins were analyzed separately based on interactive docking studies (Figs. 9 and 10). Protein interactions between the wild type proteins were normal based on the calculations of intermolecular H-bond, or H-bond and binding energies ( Table 4 .) Interactions also were determined for MUTYH with MSH6, PCNA, APEX1, and RPA1. In the wild type, MUTYH protein domain I interacted with MSH6 ( Fig. 9A) , and binding energy calculations for MSH6 (residues Ser196, Gly159, His113, Glu198) with MUTYH (residues Gly148, Ser150, Ser200, Pro152, Pro199) were −66.75 kcal/mol, whereas the intermolecular energy of H-bond formation was −7.45 kcal/mol. With wild type PCNA (Fig. 9B) , the binding energy between residues Gly111, Leu205, Thr206 and MUTYH (residues Pro29, Ile255, Glu110) was −59.02 kcal/mol. The intermolecular H-bond energy (between three residues in PCNA and MUTYH (Ser154, Ser153) was −2.36 kcal/mol. The MUTYH wild type interacted with APEX1 wild type (Fig. 9C) , exhibiting binding energy between APEX1 (Gln71, Arg75, Lys103, Tyr118, Leu104, Trp119) with MUTYH (Leu104, Asn102, Glu72) calculated as −33.85 kcal/mol. The intermolecular H-bond energy between the five residues, two in APEX1 (Lys103, Val142) and three in MUTYH (Glu59, Lys103, Tyr117) was −3.14 kcal/mol. The MUTYH wild type interacted with RPA1 wild type (Fig. 9D) , showing binding energy betweens RPA1 (Val76, Ala31, Met1) and MUTYH (Leu38, Leu102, Gln35, Glu129, Leu38) of −93.60 kcal/ mol. The intermolecular H-bond energy between two residues in RPA1 (Pro23, Ser150) and two in MUTYH (Tyr146, Ala31) was calculated to be −4.52 kcal/mol.
We further studied interactions of mutated MUTYH with the four wild type proteins. The mutated MUTYH protein interaction with wild type MSH6 protein had an altered physical interaction (Fig. 10A) , which was reflected from the binding energy calculation between MSH6 (Arg140, Gln127, Gly111) and MUTYH (Thr137, Gly148), being less (−41.43 kcal/mol) than the MUTYH (control) and MSH6 (control) interaction. Similarly, the intermolecular H-bond energy was −7.92 kcal/mol between six residues of MSH6 (Arg86, Asp197, Gly149, Glu128, Leu76, Leu72) and six (Arg121, Tyr109, Thr137, Glu198, Ser146, Ser143) in MUTYH. Mutated MUTYH interactions with PCNA wild type (Fig. 10B) had a overall binding energy of −74.40 kcal/mol for PCNA residues Leu46, Gln125, Asn36 and MUTYH (Trp51, Leu47, Leu50). The intermolecular H-bond energy in PCNA (Gln125, Asp29, Asn65) and MUTYH (Thr137, Trp51, Gln40) was −7.92 kcal/mol. The mutant MUTYH interaction with wild type APEX1 (Fig. 10C ) showed binding energy of −57.87 kcal/mol between three APEX1 residues (Gln117, Gln71, Tyr118) and three in MUTYH (Lys103, Leu104, Gln117). The intermolecular H-bond energy between the two residues of APEX1 (Lys103, Val142) with two of MUTYH (Glu59, Thr117) was −4.94 kcal/mol. Finally, the mutant MUTYH interaction with RPA1 wild type (Fig. 10D) showed altered physical interaction based on the binding energy betweens RPA1 (Leu102, Val176, Met1) and MUTYH (Leu38, Glu129, Gln35), calculated as −92.83 kcal/mol. The intermolecular energy of H-bond formation between three residues of RPA1 (Glu100, Pro23, Met1) and MUTYH (Thr116, Ala31, Ser150) was −5.71 kcal/mol. 
MD simulation and solvent accessibility of amino acid residues in mutant proteins
Deleterious nsSNPs were searched from a database of single nucleotide polymorphisms (dbSNP) (http://www.ncbi.nlm.nih.gov/SNP), and from the single amino acid polymorphism database (SAAPdb) (http://www.bioinf.org.uk/saap/db/) [18] , which had data on SNPs from both dbSNP and Human Genome Variation database (HGVBASE). This approach displays data onto the translated regions of the gene to establish whether the mutation occurred in a region of interest and whether it resulted in a potential missense mutation. We selectively probed two domains from the MUTYH gene for MD simulations. First, PDB: 1X51 structure of the NUDIX domain from human A/G-specific adenine DNA glycosylase alpha-3 splice isoform, in the experimental structure methods from NMR work ( Fig. 11A and B) , was examined. This region has the UniProt identifier Q9UIF7. The domain I mutations affected chain-A at residues P54S, A22V, Q63R, G45D, S136P and N43S. Second, domain II of MUTYH protein was predicted by homology modeling from I-Tasser, a program that employs best fit according to the C-score showing homology with Q9UIF7 (MUTYH) protein based on TM-score 0.47 ± 0.15, RMSD 12.4 ± 4.3 Å and C-score −2.03. The predicted protein was highly conserved with PDB: 3N5N. The crystal Fig. 7 . Panel of MUTYH mutations in-group of wild-type residues was shown in green and the mutant a residue was shown in purple (A-D and F-G). Other remains wild type a residue was shown in pink and mutant residues were shown in blue (c and h). Relevant side chains that interact with the residue of interest were depicted and labeled. β-strands, helices, and coils indicate the secondary structure elements that form the scaffold for the interacting residues. The impact of each mutation on the protein structure was assessed as follows. (A) The wild-type residue was more hydrophobic than the mutant residue. The mutation was located within a domain. The wild-type residue was a proline (Pro 54A) was in violet and mutant residue (Ser 54B) was in green. Prolines were known to be very rigid and therefore induce a special backbone conformation which might be required at this position. (B) The mutant residue was a valine (Val 22B) was in green and wild type residue (Ala 22A) was in violet. The wild-type residue was not conserved at this position. our mutant residue was among the observed residue types at this position in other homologous sequences. (C) Mutation of a Glutamine into a Arginine at position 63. The original wild-type residue (Gln 63B), was in violet and newly introduced mutant residue was in green often differ in these properties. The mutant residue was bigger than the wild-type residue (Arg 63A). The wild-type residue was neutral, the mutant residue was positively charged. The mutation was located within a domain, annotated in Uniprot as: "Nudix hydrolase". (D) The wild-type residue was a glycine (Gly 45A) was in violet, the most flexible residue of all. This flexibility might be necessary for the protein's function. Mutation of this Aspartic acid (Asp 45B), was in green can abolish this function probably damaging to the protein. (E) The mutant residue (Pro 136A) was in blue was bigger than the wild-type residue (Ser 136B) was in pink. The residue was located on the surface of the protein, mutation of this residue can disturb interactions with other molecules or other parts of the protein. (F) The size difference between wild-type (Asn 43A) was in violet and new mutant residue (Ser 43B) was in green makes that the new residue was not in the correct position to make the same hydrogenbond as the original wild-type residue did. The difference in hydrophobicity will affect hydrogenbond formation. (G) A mutation of wild type residue (Tyr 165A) was in violet and mutant residue (Cys 165B) was in green. Mutation of a 100% conserved residue was usually damaging for the protein. (H) The wild-type residue was a glycine (Gly 382A) was in pink and mutant residue (Asp 382B) was in blue, the most flexible residue of all. This flexibility might be necessary for the protein's function. Mutation of this aspartic acid can abolish this function. (I) Our protein residues contact energies before and after energy minimization can be used to locate functionally or structurally important residues, to determine and classify consequences of mutations, to identify residues for sitedirected mutagenesis. Fig. 8 . The positional candidate gene prioritization technique using gene networks, depicted in this figure were typically four different gene to gene interaction data sources that were combined in a Bayesian way. (A) In which four disease genes (hPcna, hMsh6, hApex1 and hRpa1) have been implicated but there were only four having physical interaction. Susceptibility loci, each containing 100 genes, were defined around 10 known colorectal cancer genes. The 10 highest-ranked genes for each locus were shown in the network, with colors indicating the locus in which they reside. (B-C) the GO, MA and PPI network led to four colorectal cancer genes were high significant [hPcna, hMsh6, hApex1 and hRpa1 (were in circles)] being ranked in the top 10 chromosome. All genes get a preliminary score of 0 assigned & four different susceptibility loci, each containing a disease gene were P (green), Q (yellow), and R (orange) should then finale up as the top ranked genes. (D) The most significant p-values was analyzed. Each locus the four positional candidate genes increase the scores of genes functionally proximate within the gene network, by a kernel function which models the relationship between gene to gene distance & score effect. structure analysis of the catalytic domain and interconnector of human MUTYH in the experimental structure methods from X-ray 2.30 Å (Fig. 11E and G) revealed this domain I model to have two mutations. These mutations changed the sequence in the glycosylase in a manner that was common in people of European descent. One mutation changed the amino acid Y165C, whereas the second mutation switched the amino acid G382D. The mutations from both MUTYH domains (I and II) positions were examined using SWISS-PORT and viewed separately to obtain altered model structures.
The energy minimizations were achieved by NOMAD-Ref Gromacs server, using force field energy for the native type protein in both domain I and II and mutant type protein structures. The total energy of native structures of domains I and II, and mutant structures, were calculated (Table 3) , and ranged from 0.25 to 0.50 RMSD native and mutant protein structure, respectively. Using the CHARMM-GUI server that offers graphical user interface (GUI) for MD simulations, the consequence of mutations was studied using classical molecular dynamics approaches. We analyzed both the native and mutated structures through long simulations in defined solvent conditions, as well as investigating the differences in dynamics and stability in MUTYH domains (I & II).
The simulation created an aqueous solvent environment based on fixed parameters around the chain 'A' protein. Both domains of MutY homolog protein 1X51 were solvated showing system with octahedral boundary shapes with 5400 water molecules of 10 Å cutoffs to fully solvate the molecule with edge distance 10.0 ( Fig. 11C; 11D 11F ). MD simulation procedures were employed to examine the dynamic performance of the two MUTYH domains I, and II. Trajectories over 10ns were based on analyzing the RMSD for both domains at 300K. RMSD with 0.10Å at the start of the trajectory (t = 0) show the movements of both MUTYH domains took place throughout the thermalization and equilibration phases. The deviation value quickly increased at 300K during the initial 2ns and sustained until the end of simulation (t = 10 ns). The MUTYH domains (I and II) mutations exhibited quick elevation in deviation value (1.10 Å) until 10ns and then reduced by the end of simulation.
The results indicated that the MUTYH domains were not stable and did not reach in folded conformation till finish of the simulation at 70°C. However, it was possible that the Mutated MUTYH domains structure may reach to stable and folded form at lengthier simulation times than the applied 10ns. NOMAD-Ref server performed energy minimizations studies for both wild and mutant structures. The total energy for the native protein structure domain I (1X51) following before energy minimization was 4719.71.985 kJ/mol (score; 0.69), whereas prior to after energy minimization it was 3676.5378 kJ/mol (score: −3.31). For the mutant protein domain II form(s) the corresponding before energy minimization was 390,841.524 kJ/mol (score; 0.50), whereas prior to after energy minimization it was 2453.2390 kJ/ mol (score: −1.25).
Discussion
In the current study, we retrospectively derived and validated a gene expression signature associated with the risk of systemic relapse in patients with colorectal cancer. Analysis of the data from Colorectal Adenocarcinoma dataset (http://www.cbioportal.org). In the datasets, we identified upregulated and downregulated genes associated with in CRC. Interestingly, several of the identified genes (PCNA, RPA1, APEX1, MSH6, and Mutyh) were identified to be differentially expressed mRNA expression profiling of CRC compared to adjacent normal samples. Higher expression of gene MSH6 and MutyH was found to be associated with metastasis in different types of human cancers. Our analysis narrowed down the CRC recurrence signature to these five genes (PCNA, RPA1, APEX1, MSH6, and Mutyh) whose expression was associated with OS (log-rank test P-value: 0.15e-9) and the indidial average gender overall survey (log-rank test P-value: 0.843).
MUTYH is involved in the initial steps of MMR and BER pathways, providing key contributions for genomic stability and maintenance. To the best of our knowledge, there has been no report that deals with insilico modeling and functional/structural aspects of MUTYH variants. The MUTYH complete crystal structure has not been solved. However, the observed functional and interactive activities of MUTYH variants in this study can be related to the amino acid sequence information and structure of E. coli MutyH protein, which is 41% identical with human MUTYH [19, 20] . MUTYH has a catalytic site resembling the NUDIX domain from human A/G-specific adenine DNA glycosylase alpha-3 splice isoform, determined from NMR. All mutants studied here (Fig. 5A-I ) were predicted to be within this catalytic domain.
While the C-terminal domain of E. coli MutyH protein is not needed for its adenine removal activity, it strongly interacts with the Gene Ontology (GO) containing strand to flip the target adenine out of the helix. In support of this theory, it has been shown previously that the removal of this domain from MUTYH protein drastically reduces its adenine incision activity from A:GO pair, but not from A:G mismatch [21] . Indeed, it was previously shown that the C-terminal domain of truncated MutY is not only defective in removing "A" but also in binding substrate containing A:GO [21] . Examples of variants in which the consequence of MUTYH function may be predicted by their corresponding position in the structure are the P18L, V22M and G25D ( [22, 23] . These three SNPs are present in the RPA binding site in the Nterminus of MUTYH, and interfere with the localization of MUTYH to the site of DNA replication. Variants E466X [24] and Y90X [25] , which were found in individuals of Indian and Pakistani descent, respectively, Fig. 9 . PPI site in the MUTYH structure domain I in condition of wild type (control) interact with all wild type proteins. (A) The MUTYH structure was performed in order to identify potential protein-protein interaction sites. The first solvent-accessible surface of MUTYH was shown in yellow and binds with hMSH6 (grey) and the putative protein were in circle marks protein interaction site. The positions of amino acids with favorable desolvation energy were indicated was in red showing interaction positions (Glu198, Gly148, ser150, His113, Gln127, Pro152, Pro199, Ser196 and Gly159) of the side chains identified by the bioinformatics analysis. The hMSH6 protein (chain A) was drawn as a molecular surface. The side chains of the relevant interactive amino acids were shown as sticks. In binding energy in between MUTYH domain I and hMSH6 was −66.75 kcal/mol, intermolecular H-bond energy was shown as green −7.45 kcal/mol. (B) The second solvent-accessible surface of MUTYH and binds with hPCNA protein was in grey and the putative PPI site were marked by a circle. The position of amino acids with favorable desolvation energy was indicated in red showing interaction positions (Glu111, Pro29, Ile255, Thr206 and Leu205) of the side chains. The hPCNA protein chain A was drawn as a molecular surface. The side chains of the relevant interactive amino acids were shown as sticks. In binding energy in between MUTYH domain I and hPCNA was −59.02 kcal/mol, intermolecular H-bond in between MUTYH and hPCNA (His44, Ser154 and Ser153) energy was shown as green −2.36 kcal/mol. (C) The third solvent-accessible surface of MUTYH was shown in yellow and binds with hAPEX1 protein was in grey and the putative PPI site was marked by a circle. The position of amino acids with favorable desolvation energy was indicated in red and blue showing interaction positions (Lys103, Arg75, Glu72, Asn102, Leu104, Tyr118 and Gln71) of the side chains. The hAPEX1 protein chain A was drawn as a molecular surface. The side chain of the relevant interactive amino acids was shown as sticks. In binding energy in between MUTYH domain I and hAPEX1 was −33.85 kcal/mol, intermolecular H-bond MUTYH and hAPEX1 (Lys103, Glu59, Ser143, Tyr117 and Val142) energy was shown as green −3.14 kcal/mol. (D) The fourth solvent-accessible surface of MUTYH structure was in yellow and binds with hRPA1 protein were in grey and the putative PPI site was marked by a circle. The position of amino acids with favorable desolvation energy was indicated in red showing interaction positions (Pro29, met1, gln35, leu102, val176) of the side chains. The hRPA1 protein chain A was drawn as a molecular surface. The side chains of the relevant interactive amino acids were shown as sticks. In binding energy in between MUTYH domain and hRPA1 was −93.60 kcal/mol; intermolecular H-bond in between MUTYH and hRPA1 (Ser150, Met1, Tyr146, Pro23 and Ala31) energy was shown as green −4.52 kcal/mol. represent truncated MUTYH protein due to a premature stop codon.
MUTYH domain I mutations probably have clinical significance with regard to cancer risk. Mutation P54S (Coil) showed solvent accessibility 0% (i.e. buried), whereas G45D (bend) showed 70% solvent accessibility, indicating that it is exposed on the outer surface; both alterations were designated as 'probable-pathogenic' for gastric cancer. Mutations A22V (beta-ladder, solvent accessibility 60%) and S136P (coil, solvent accessibility 8%, buried) both had predicted phenotypic consequences for colorectal adenomatous polyposis. Variants Q63R (Helix) and N43S (Coil) were predicted to be neutral. Mutation G45D showed 50% solvent accessibility but was buried, and clinical data indicated an associated with high colon cancer risk, as predicted in the modeling studies ("functionally pathogenic").
Domain II also had common mutations based on the clinical report, supporting a role in MUTYH-associated human carcinogenesis [19] . Mutation Y165C (Loop) with 29% solvent accessibility was considered as intermediate, whereas G382D (Bend) with 29% solvent accessibility showed probable clinical relevance for increased cancer risk. Implications for protein structure and stability were calculated through atom and torsion angle potentials. The N43S variant was calculated as −0.08 kcal/mol (DDGp) and predicted to be neutral, whereas all other variants were destabilizing.
Modeling of protein-protein interactions also can provide important insights of wild type versus mutant MUTYH function [26] , via predicted binding sites, protein networks, multi-molecular assemblies, mapping of metabolic pathways, and eventual drug design [27] . Models supported four candidate proteins (MSH6, PCNA, APEX1, and hRPA1) interacting with mutated MUTYH. MUTYH co-localizes with PCNA to replication foci [17, 28] . In addition, MUTYH interacts with RPA [17] . The interactions of PCNA with MUTYH and mismatch repair enzymes suggest that PCNA may act as a coordinator of both repair pathways. We hypothesize that proteins involved in DNA replication, mismatch repair, and base excision repair may exist as a multiple-protein complex, and that MUTYH may be orientated in the replication fork to recognize 8-oxoG on the parental strands and to excise misincorporated A on the daughter strand.
It has been suggested that PCNA may act as a molecular adaptor, coordinating and regulating the actions of DNA replication, DNA repair, and cell cycle control. Thus, we further analyzed mutated MUTYH variants for functional networks and relationships based on data from the Bio-molecular Interaction Network Database (BIND) [23] , the Human Protein Reference Database (HPRD) [29] , Reactome [30] , and Kyoto Encyclopedia of Genes & Genomes (KEGG) [31] . This approach included analysis of susceptibility loci and genes from different loci that might be linked directly [32] or indirectly [33] . These methods are useful to rank candidate genes for each locus, and significantly increase the chance of detecting disease-related genes. Since MUTYH interacts with PCNA [30, 34, 35] and DNA, it is possible that an indirect association between MUTYH and hMUTSα may occur. Direct physical interaction of these two proteins was determined from affinity-binding experiments with GST-tagged MUTYH and highly purified recombinant hMUTSα and hMUTS beta proteins. MUTYH recognizes the interface between MSH2 and MSH6 heterodimer, rather than the peptide motifs of MSH6. Western blotting suggetsed that MUTYH interacted with MSH6 but not with MSH2. This result is consistent with studies showing no interactions of MUTYH and MSH2 in HCT15 cell extracts. Although both MUTYH and MSH6 can bind to their DNA substrates, the interaction between both proteins can occur in the absence of DNA. It is interesting to note that the interaction of MUTYH with MSH6 wa substantially weaker in MT1 cells that express wild type MSH2 and missense mutant MSH6, as compared with the parental TK6 cells. The mutations are at the C-terminal region of MSH6 downstream of the ATP binding site. The result suggests that the C-terminal region of MSH6 is important for its interaction with MUTYH. Direct contact of MUTYH with the C-terminal region of MSH6 remains to be determined, although MUTSα can still bind mismatched DNA. It has been suggested Table 4 Summary of MutY homolog (E. coli)
SNPs within the Exonic MutyH gene regions. that the mutations in MSH6 in MT1 cells may affect its ATPase activity. In-silico MD simulation noted mutations of MUTYH affecting its associations with binding partners, due to binding site variations in hydrophobic versus electrostatic interactions. Generally, the packed protein cores and the 'hot spot' regions had residues that contributed significantly to protein stability. The hot spots were also highly conserved by evolution at the protein-binding site [33] . It has been suggested that a hot spot region may provide a suitable target for drug design [36] . We sought to explore the structural stability and associated thermodynamics in a realistic environment. Nonpolar effects remained consistently more favorable in wild and mutants, emphasizing the significance of hydrophobic effects in protein-protein binding. While entropy analytically opposed binding in every case, there was no observed trend in the entropy difference between wild and mutant MUTYH forms. Free energy decomposition showed residues were placed at the interface, making them favorable.
Finally, it was found that the monomer MUTYH model was stable in vitro, and such a model is suitable for protein stability analysis, although the monomer MUTYH binding to DNA binding and to other proteins was weaker. Our results showed that the MUTYH mutations examined caused decomposition of binding free energies. Furthermore, structural analyses indicated a distorted geometry of the binding site, and hence weaker interactions with S136P, G45D, N43S (L37V), A22V, Q63R and P54S.
Materials and Methods

Clinical dataset
We 
Patient information and data analysis for colorectal cancer
The current study was conducted on six different colorectal cancer associates: (1) Colorectal Adenocarcinoma dataset [37] , which included 619 patients' samples that who developed 239 patients are Male and 380 patients are female. (2) Colorectal Adenocarcinoma dataset [38] , which included 276 patients that who developed 117 patients are Male and 154 patients are female. (3) Colorectal Adenocarcinoma [39] dataset, which included a total of 594 CRC patients who developed 312 patients are Male and 280 patients are female Interrogation of the TCGA dataset was conducted as previously described [39] . (4) Colorectal Adenocarcinoma (TGCA, Provisional 2014) dataset, which included a total of 640 CRC patients who developed 335 patients are Male and 294 patients are female. (5) Colorectal Adenocarcinoma Triplets [40] dataset, which included a total of 138 CRC patients who developed 59 patients are Male and 79 patients are female. (6) Metastatic Colorectal cancer [41] dataset, which included a total of 1134 CRC patients who developed 597 patients are Male and 502 patients are female. The relationship of gene expression patterns with patient survival in the TCGA database was queried using the cBioportal database with the formula GENE: EXP > 0, where the gene represents a query of our associated genes are linked with polyposis syndrome. In addition, Fisher's exact test and the Mann-Whitney [42] test implied used to investigate the categorical and constant variables. We determined and compared survival curves using the Kaplan-Meier [43] method and log-rank tests [44] . Cox proportional hazards model was used to analyze associations between Clinic-Pathological symptoms and patient survival. Overall survival (OS) data was taken from the cbioportal (http://www. cbioportal.org).
Predictions of deleterious nsSNPs of Mutyh gene and their functional impacts
Non-synonymous single nucleotide polymorphisms (nsSNPs) represent common genetic variation that can encode changed amino acid residues in proteins. nsSNPs may impact the structure or function of expressed proteins, and therefore have an effect on disease outcome. In order to evaluate the phenotypic effects of nsSNPs in human DNA repair genes, we considered every polymorphism in terms of various functional properties. The functional properties were computed based on amino acid prediction from programs such as Sorting Intolerant From Tolerant (SIFT) [45] . We provided a comprehensive, updated list of all validated nsSNPs from dbSNP, the public database of human single nucleotide polymorphisms at the National Center for Biotechnology Information (NCBI); however, we selected for detailed study MutY homolog (E. coli) nsSNPs within the exonic region, and Genome Variation Server (GVS) (http://gvs.gs.washington.edu), situated in the human DNA repair gene list. The list includes repair enzymes and genes associated with the response to DNA damage, as well as those implicated with genetic instability or sensitivity to DNA damaging agents. PolyPhen version 2.0.9 [46] was used to predict the outcome of an amino acid change on the structure and function of a protein based on specific empirical rules and the encoded sequence. The protein sequence of MUTYH was submitted to PolyPhen2 under ID Q9UIF7, the program calculated PSIC scores (Position to Specific Independent Count) for each variant and estimates the difference between the variant scores, where a difference of > 2.884 was considered as detrimental.
The impact of MUTYH associated mutations on protein structure and stability
Protein structure effects were carried out from Project HOPE (Have yOur Protein Explanation) developed at the Centre for Molecular and Bio-molecular Informatics (CMBI) Department of Bioinformatics at the Radboud [47] . The molecular origin of disease-related phenotypes caused by mutations in MUTYH was analyzed via data processing, predicting the impact of each specific mutation on the 3D structure and function of the protein. The UniProt database (http://www.uniprot. org/) web server was used for the retrieval of features that can be mapped on the modified sequence [48] Homology Derived Secondary Structure of Proteins (HSSP) conservation scores and sequence-based predictions by DAS-servers were used for biological sequence annotation [49] . The protein stability prediction were carried out based on the torsion angle (Cologne University Protein Stability Analysis Tool) (CUPSAT) and stepwise multiple regressions were then used to unify the atom and torsion angle potentials to construct the prediction model on both MUTYH domain I and II. Energy functions were predominantly derived from mean force potentials based on the Boltzmann principal. The torsion angle potentials were used in non-redundant structures of MUTYH proteins to derive the torsion angle ϕ and ψ after running Dictionary of Secondary Structure of Proteins (DSSP) for the entire dataset.
Pathogenic prediction of functional variants associated with disease
Several computational methods have been developed for the classification of SNPs according to their predicted pathogenicity; however, in this study we used SNPs&GO and Panther, [50, 51] . SNPs&GO program based on Support Vector Machine (SVM) which classify mutation type based on sequence information from Multiple Sequence Alignments (MSAs) with function-based log-odds scores about protein functions describe by Gene Ontology (GO) [52] . Input was based on the selected position of each mutation, for both wild and mutant type residues of MUTYH protein structures. Binary predictions (pathogenic/ neutral) were taken into consideration with their confidence values. The effects of a missense variant was categorized into three types; "Probably pathogenic'', "Possibly pathogenic" and ''Benign.'' We converted these into binary classifications in two ways, first by considering only the ''Probably pathogenic'' class as pathogenic and the ''Possibly pathogenic'' and ''Benign'' classes as neutral, and second, by considering both the ''Probably pathogenic'' and ''Possibly pathogenic'' classes as pathogenic, and the ''Benign'' class as neutral.
Prioritization of disease candidate gene and networks
The Bayesian approach was used to generate a gene network, based upon data obtained from Gene Ontology (GO), (Kyoto Encyclopedia of Genes and Genomes) (KEGG), Bio-molecular Interaction Network Database (BIND), Human Protein Reference Database (HPRD), and Reactome. These datasets were comprised of nearly 70,000 predicted protein-protein interactions [53, 54] . The genes received a primary assigned score of three different susceptibility loci, each containing a disease gene (P, Q or R) and a couple of non-disease genes. At each locus the 3 positional candidate genes increase the scores of genes functionally proximate within the gene network, using a kernel function which models the relationship between gene-gene distance and score effect. When all loci were processed, shuffling the three susceptibility loci 10,000 times across the genome allows resolving of an empiric p-value of each gene, and the eventual ranking of the positional candidate genes per locus. Genes P, Q and R should then end up as the top ranked genes, according to the significant p-values. The disease genes were ranked within the top 10 per artificial linkage region, when each region contained 100 genes. Based on this method we were able to identify the genes [32] .
Macromolecular of protein-protein Interaction
Using Global Range Molecular Matching (GRAMM-X) Docking Server v.1.2.0 [55] carried out protein-protein interactions. GRAMM was compiled on SGI R10000 and PC (Linux) and also compiled on Red Hat, with glibc2.0. MUTYH (MutY Homolog E. coli) protein domain I determined by (PDB) ID: 1X51 contained several mutations. We selected 6 mutations associated with heritable predisposition to colon and stomach cancer syndrome of FAP. Multiple transcript variants encoding different isoforms have been found for this gene. (Entrez Gene ID: Q9UIF7: MUTYH). Several proteins interacted with MUTYH. These proteins were used for further docking studies with four other proteins individually with and without mutations. We also compared the docking predictions with other programs, such as Fast Interaction Refinement in Molecular Docking (FIREDOCK) [56] . This method simultaneously targets the problem of flexibility and scoring of solutions produced by fast rigid-body docking algorithms. The side-chain flexibility was modeled by rotamers and the obtained combinatorial optimization problem was solved by integer linear program [57] . Following rearrangement of the side chains of two proteins (MUTYH domain I with one of four other proteins), the relative position of the docking partners were refined by Monte Carlo (MC) minimization of the binding score function. The binding score ranks candidates and includes atomic contact energy [58] , softened van der Waals (vdW) interactions, partial electrostatics and additional estimations of the binding free energy. The interaction studies were carried out using Knowledge-based FADE and Contacts (KFC Server) predicted binding "hot spots" for proteins and Protein-protein interactions by recognizing structural features indicative of important binding contacts with our proteins. These servers analyzed several chemical and physical features surrounding interface residues by using support vector machines [59] .
Molecular dynamic simulation of MUTYH protein
MD simulations were determined by using the bio-molecular simulation program CHARMM. CHARMM-GUI (http://www.charmmgui.org) [60] , offers a web-based graphical user interface to analyze a range of input files and molecular systems to standardize and make use of common as well as advanced simulation techniques in CHARMM. We used selected structures of MUTYH domains I, and II were used in the MD simulation method. In this simulation, the solvated system was neither minimized nor equilibrated; however, 0.15M ions were added in the simulation box by specifying ions (KCl) and concentration (C). The numbers of ions were automatically established by the ion-accessible volume (V), the total charge of the system (Qsys), and by the positive ion (z+) valency, to neutralize the total system charge, (z+N +−N− = −Qsys). The ion-accessible volume, V, was anticipated by subtracting molecular volume from the total system volume, selecting ion-placing method of Monte Carlo (MC). The solvation free energy was expressed as nonpolar and electrostatic contributions, but the nonpolar contribution was again partitioned into repulsive and dispersive contributions using the weak, free energy simulations were performed with explicit solvent water molecules in close proximity to the solute, whereas the influence of the rest of the solvent mass was showed implicitly as an effective Spherical Solvent Boundary Potential (SSBP). KCl was included to neutralize the overall negative charge of the MUTYH protein structure.
The MD simulations were performed with a 2-fs time step, which was smaller than the fastest vibrational period of liner bonds involved to small hydrogen atoms at a constant temperature of 300K and a constant pressure of 1atm under periodic solvent boundary conditions. The periodic box was enriched with water molecules up to 0.72805 g/l density. Addition of counter ions counterbalanced the entire system and every ionizable residue were protonated based on their pKa values (pH 7). Using simulated annealing process water molecules were relaxed. Energy minimization was run until the maximum atom speed dropped below 2000m/s, the system was then heated from 0 to 300K. Finally, at 300K and 10, 000 ps, equilibrated MD simulation were performed at constant pressure with 12Å vdW cut-off. The electrostatic interactions were analyzed and 2000 snapshots were obtained at each 6.5ps [61] . The Particle Mesh Ewald (PME) method [62] was utilized for electrostatics, and a 12 Å cutoff was applied for vdW interactions. The TIP3P water model [63] was used as the solvent. The initial configuration of ions was verified using short Monte Carlo simulations with a primitive model, for instance vdW interactions. Mutations were studied using The Collaborative Computational Project Number 4 in Protein Crystallography and Molecular Graphic CCP4MG V.2.5.0 [64] , and energy minimization were carried out using NOMAD-Ref server [65] . This server utilizes Gromacs force field for energy minimization according to the steepest descent, conjugate gradient, and Broyden Fletcher Goldfarb-Shanno (L-BFGS) methods [66] . We also used the conjugate gradient method for 3D structure optimization and the deviation between the two structures was assessed by their RMSD values.
Conclusions
In conclusion, the resulted presented in this study for the first time show that based on computational appoarches, the deleterious SNPs in Mutyh gene, functional network and its relationships with others genes were analyzed via bio-molecular interactions. We also performed comparative MD analyses of the MUTYH protein interactions with other proteins physically interacting with it as well as between the wild type and mutant type structures. The MUTYH protein domains I had six variants P54S, A22V, Q63R, G45D, S136P and N43S variants and likely have great clinical significance associated with cancer risk, whereas protein domains II had two Y165C and G382D. Based on gene ontology the MUTYH protein showed interaction with six proteins, however only four of them (hMSH6, hPCNA, hRPA1, and hAPEX1), exhibited physical interactions. The results suggested that the MUTYH mutations caused decomposition of binding free energies and structural analyses indicated that it also distorted the geometry of the binding site and hence weakened the interactions. Overall results showed that such a computational approach can prove to be very useful for understanding the molecular basis of a disease and significantly contribute to our understanding of protein-protein interactions, mutational implications on the protein structure and its impact on disease progression.
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